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Abstract ; To improve the click-through rate of clothing user-generated content (UGC) on social media, this study proposed
an evaluation and measurement method specifically for UGC covers. Incorporating the characteristics of UGC covers in
social platforms, it constructed an evaluation scheme comprising two dimensions of visual features and textual features, with
13 key characteristics. Image processing techniques were applied to adapt and optimize the measurement methods for each
feature. Taking 4 280 fashion UGC covers from the rednote platform as samples, this paper analyzed the impact of visual
features on click-through volume through a negative binomial regression model. The results indicate that seven features all
significantly influenced consumer click-through rates, including image size, blur level, foreground position, foreground
proportion, facial occlusion degree, background brightness, and background complexity. The findings provide practical
references for social media creators” UGC production activities and the UGC evaluation mechanisms of social platforms.
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Tab.1 UGC features and measurement methods
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Tab.3 Correlation analysis results
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Tab.5 Regression results of negative binomial model
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