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Construction of Clothing Knowledge Graph Based on
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Abstract : As the information bearer and knowledge reasoning tool under the background of big data, knowledge graph is
helpful to solve the problem that users and clothing information mining is not comprehensive enough in most clothing recom-
mendation systems. This paper concluded the research present situation of clothing personalized recommendation, and
summarized the knowledge graph and its application. It constructed and analyzed the knowledge system of clothing domain,
and dividesd clothing attribute into three elements: basic attribute, performance attribute and external attribute. Among
them, a comprehensive emotional score obtained by SnowNLP language library based on online comments was added to the
external attributes of clothing, and the clothing knowledge graph was constructed to obtain the semantic relationship between
users and clothing, clothing and clothing. This paper demonstrated the interpretability of knowledge graph inference through
the example analysis of dress, and provided a reference for precise clothing personalized recommendation.
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Fig.1 Construction process of clothing knowledge graph
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Fig.2 Mode of clothing knowledge system
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Fig.4 Experimental comparison results with different

emotional boundaries
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