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Current Situation and Development Trend of 3D Virtual Garment Display
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Abstract: With the rapid development of computer and Internet technology, virtual reality technology is entering people s

lives. Nowadays artificial intelligence technology and network 5G technology are developd rapidly. Under this context, the

three-dimensional virtual garment animation technology based on the fabric simulation has been a research hotspot in

computer graphics at present. There has been some progress in the study about the human model reconstruction, garment

simulation and deformation in recent years. Realistic dynamic visual effect is obtained using virtual reality technology. Two

dimensional static exhibition of garment is gradually replaced by three dimensional dynamic exhibition which has wide appli-

cation prospect.
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Fig.3 Direct driving of bone-based on sample method
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Fig.4 Human scanning data and joint template matching
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Fig.5 Garment models based on finite element method
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Fig.6 Fabric models based on finite element method
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Fig.7 Comparison of the true value between the feature points and the ground in the process of human movement
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Fig.11 Principle and results of garment animation based on unsupervised deep learning
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