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JI Tongtong'?,

Abstract : In order to further explore the personalized recommendation mechanism of clothing products in e-commerce, this
study proposed a Cosine Similarity-Slope One algorithm based on collaborative filtering recommendation. The case study
proved that the cosine value of the angle between two vectors in the vector space model could be used to measure the
similarity between garment products. This paper also summarized how to predict the recommenders interest in the new
project based on the average preference value difference between the new product and the users evaluated product.
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Tab.1 Online shopping preferences of consumers of all ages
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Tab.2 Solving the pantsuit selection problem using cosine similarity clothing recommendation algorithm
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Fig. 5 Principle of slope one clothing recommended al-
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Tab.3 Solving the overcoat style recommend problem using slope one clothing recommendation algorithm
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